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Concept Lattice Theory and Method and Their Research Prospect
LI Jinhai'?, WEI Ling’, ZHANG Zhuo*, ZHAI Yanhui’, ZHANG Tao®, ZHI Huilai’, MI Yunlong®

ABSTRACT  Concept lattice theory and method are the basic topics in the study of formal concept
analysis, and important achievements are obtained. The previous study mainly focus on the generalization
of concept lattice models, concept lattice construction, concept lattice reduction, concept lattice based
rule acquisition, conceptual knowledge space, granular computing method for concept lattice and concept
lattice applications. To further promote the study and the development of formal concept analysis theory,
the existing research on theories and methods of concept lattice is summarized in detail, and an outlook is
also produced for the researchers. Especially, it is pointed out that there are some key scientific problems
in the above researches, a theoretical analysis of these problems is presented, and some preliminary
research thoughts are provided as well. The obtained results offer a useful piece of advice for solving the

problems in the future.
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